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QaTa-COV19 BM-Seg MoNuSeg MRSpineSeg
Methods Text 25% labeled 50% labeled 25% labeled 50% labeled 25% labeled 50% labeled 25% labeled 50% labeled

Dice mloU  Dice mloU | Dice mloU  Dice mloU | Dice mloU  Dice mloU | Dice mloU  Dice mloU
U-Net [44] X - - 79.02  69.46 - - 74.15  60.32 - — 78.66  68.46 - - 82.36  74.07
MT [19] X 77.88 67.53 79.64 T71.88 | 66.31 53.35 7231 56.99 | 72.80 56.70 75.15 59.64 | 77.11 67.65 79.31  69.05
CCT [5] X 78.02 67.03 80.25 T71.69 | 70.66 5527 72.65 60.54 | 74.25 56.55 76.23 55.87 | 78.51 68.06 80.26  70.11
BCP [2] X 7479  65.26  75.57 65.31 71.26  55.28  74.21 61.25 | 72.06 54.69 7217 5088 | 70.35 58.97 70.68 59.68
MC-Net [3] X 7458 6426 7498 6197 | 69.67 5336 7337 60.74 | 71.53 48.12 T1.59 4875 | 73.34 6227 75.09 64.18
SS-Net [45] X 6793 58.13 68.37 56.73 | 70.21 5468 7359 60.89 | 71.80 47.80 73.05 49.88 | 73.71 63.22 7460 64.30
UCMT [1] X 76.09 64.13 77.81 68.65 | 71.22 5582 7432 60.41 75.53 5482 7636 59.29 | 7642 65.78 77.09 66.81
SemiSAM [51] X 7805 66.84 80.19 T1.55 | 69.28 54.12 73.69 5744 | 72.17 5694 7544 61.37 | 77.68 68.11 80.08  68.76
KnowSAM [52] X 7742 6674  80.41 71.68 | 70.39  55.27 7398  58.01 74.66 57.06 T77.68 6452 | 78.36 6847 79.72 69.54
CPC-SAM (53] X 76.84 6526 76.59 66.41 67.25 5207 7285 58.46 | 71.32 5207 7544 5871 75.88 6540 78.11 67.61
LVIT [41] v 78.12  66.75 80.32 TJ2.16 | 6945 5426 73.15 60.14 | 75.69 56.14 76.57 6544 | 79.64 68.11 80.32  70.48
CLIP [8] v 78.05 6541 80.45 6987 | 71.22 56.87 75.16 5943 | 75.72 56.14 7742 65.21 77.35 67.24 7792 67.56
MAP [11] v 78.65 65.19 79.69 70.31 71.68 57.69 75.13 59.65 | 7542 5486 7655 6433 | 7945 70.18 80.04 71.93
CMITM [47] v 78.04 6584 81.33 7284 | 70.63 54.66 7496 60.18 | 75.14 5428 77.63 66.31 78.22 6843 79.64 70.21
ASG [48] v 7792 65.09 8047 T1.84 | 7026 5433 74.22 5947 | 75.69 5592 76.79 6591 77.61 67.92  79.11 69.45
MGCA [10] v 78.17 67.03 81.24 7356 | 70.19 53.67 75.17 61.49 | 76.14 56.22 77.06 6523 | 80.06 7045 8142 72.11
LA-VLM [54] v 7743  65.21 79.64 7028 | 71.33 5596 7420 6122 | 75.06 5489 7734 6635 | 7829 67.15 79.71 68.11
MedCLIP [9] v 78.62 6555 8093 70.04 | 70.12 5639 7446 59.11 75.61 5574 7791 64.51 77.01 66.59 7830 67.99
DuSSS [49] v oo, 9.00 - 6821 - 8232, 75.87 | 148 _ 3597 J4.61, 61.08 |.76.51 — 38.08. 78.03 _00.93 |[,79.88 _ 69.4] _ 80.55_ 71.03
Ours v |, 8062 69.87 8257, 7237 | 7352 5971 77.63) 60.65 |; 76.63 5890 , 77371 67.34 | 80.63 7139 81.60 ; 72.05
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Num Methods QaTa-COV19 BM-Seg MoNuSeg MRSpineSeg

MT CSS ICL Li; | Dice mloU | Dice  mloU | Dice  mloU | Dice  mloU
No. 1 | vV 77.88 67.53 | 6631 5335 | 72.80 56.70 | 77.11  67.65
No.2 | vV v 80.07 68.14 | 70.09 58.40 | 7593 5841 | 79.67 69.05
No.3 | Vv v 78.775 6632 | 69.57 57.14 | 7571 57.21 | 78.64 67.84
No. 4 | v v v 80.45 6892 | 7249 59.52 | 76.44 58.62 | 80.51 71.15
No.§S | v v v v 80.62 6987 | 73.52 59.71 | 76.63 58.90 | 80.63 71.39
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QaTa-COV19 BM-Seg MoNuSeg MRSpineSeg
Methods 19 Training data 10% Training data 1% Training data  10% Training data | 1% Training data  10% Training data 1% Traming data 10% Training data
> Train/Test: 71/2113  Train/Test: 710/2113 Train/Test: 2/50 Train/Test: 22/50 Train/Test: 0/14 Train/Test: 2/14 Train/Test: 22/542  Train/Test: 217/542
Dice mloU Dice mloU Dice mloU Dice mloU Dice mloU Dice mloU Dice mloU Dice mloU
CLIP [8] 56.25 41.06 59.52 45.83 54.04 42.12 67.93 57.59 - — 35.96 24.47 21.86 13.55 48.24 35.14
CMITM [47] 58.03 42.17 61.42 46.88 52.09 41.16 65.32 51.44 - — 34.65 24.13 21.45 13.22 46.41 34.77
ASG[48] 55.61 39.02 61.43 46.22 50.24 47.55 67.08 55.43 - - 36.11 25.42 23.52 14.83 50.36 37.19
MGCA [10] 61.47 51.89 63.67 46.72 65.04 52.63 68.52 55.20 - - 35.91 26.23 26.52 16.90 53.98 39.97
MAP [11] 60.55 50.05 65.82 47.99 51.78 41.33 61.39 45.72 - — 35.89 24.57 24.55 15.51 52.91 38.90
BiomedParse [55] | 60,97 50.26 66.43 48.59 61.44 48.08 68.13 54,92 - — 37.04 24,88 25.16 15.69 51.97 39.84
LA-VLM [54] 61.26 49.33 64.87 47.21 63.22 49.60 66.74 55.18 - - 36.29 23.94 24.85 16.02 52.66 39.05
MedCLIP [9] 57.35 44.30 62.45 45.83 60.23 47.44 67.25 56.26 — — 36.05 24.71 23.70 15.09 50.41 37.26
DuSSS [49] 60.11 50.31 66.72 48.03 62.10 47.778 67.74 53.18 - — 36.24 23.80 25.30 15.22 52.77 35.38
Ours 62.21 52.22 68.65 50.07 65.61 51.86 70.42 56.98 — - 37.28 23.75 27.36 17.20 55.61 41.62
A\ \ \/\ ——
O S£IGEeXXRIELER
QaTa-COVI19 BM-Seg MoNuSeg MRSpineSeg
Methods SSMIS Few Shot SSMIS Few Shot SSMIS Few Shot SSMIS Few Shot
Dice mloU  Dice mloU | Dice mloU  Dice mloU | Dice mloU  Dice mloU | Dice mloU  Dice mloU
Bascline 7788 6753 5952 4583 | 6631 5335 6793 5750 | 72.80 56.70 3596 2447 | 77.11 67.65 4824 35.14
CMC (AAAI) | 7844 6529 64.06 4532 | 67.41 5354 68.02 5543 | 73.66 5584 36,11 2406 | 78.54 6521 5048 38.05
CSS (Journal) | 80.07 68.14 6622 48.08 | 70.09 5840 69.46 56.07 | 7593 5841 37.05 25.13 | 79.67 69.05 53.67 40.18
DCL (AAAI) 78.06 65.11 61.24 43.56 68.25 5543 67.93 55.14 73.19 54.93 35.99 23.80 78.09 64.98 50.14 38.26
ICL (Journal) 78.75 66.32 64.87 47.33 | 69.57 57.14 68.21 55.74 75.71 57.21 36.52 2344 | 78.64 67.84 51.64 38.93
MLP (AAAI) 79.24  67.22 65.10 52.44 | 70.39 56.07 67.85 5464 | 7714 57.60 3643 22,76 | 78.91 68.25 53.70 40.21
PDT (Journal) | 80.62 69.87 68.65 5007 | 73.52 59.71 7042 5698 | 76.63 5890 37.28 23.75 | 80.63 7139 55.61 41.62
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Methods QaTa-COVI9 BM-Seg MoNuSeg MRSpineSeg
> Dice  mloU | Dice mloU | Dice mloU | Dice mloU
Vision 78.71 67.60 69.21 54.43 73.22 54.80 79.26 69.27
Vision+Text | 80.62 69.87 73.52 59.71 76.63 58.90 80.63 71.39
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AT A ST
eI tE
O Fit=Eo T S valuos
Methods QaTa-COVI0 BM-Seg MoNuSeg MRSpineSea

vs. MT 0.0058 0.0001 __0.0037 0.0003

N A B LH R T ] 75 47 L s vs. CCT 0.0108 0.0031  0.0717 0.0143
N TN EREER A Z2EEERITFEEN, T BOP 00002 00011 0.0003 0.000]
BN E SRR RS E I OIS B vs. MC-Net 0.0003 00133  0.0008 0.0004
HAIZESRIEZd TEexItele, 2T vs. SS-Net 0.0000 0.0034 0.0007 0.0002
a=005 vs. UCMT 0.0008 0.0077  0.0115 0.0008
vs. LViT 0.0112 0.0284  0.0302 0.0862

vs. CLIP 0.0104 0.0062  0.0073 0.0031

vs. MAP 0.0007 0.0098  0.0276 0.0102

vs. CMITM 0.0114 0.0005  0.0976 0.0102

vs. ASG 0.0005 00041  0.0118 0.0092

vs. MGCA 0.0091 0.0244  0.188] 0.0391

vs. BiomedParse | 0.0241 0.0084 0.0063 0.0369

vs. SemiSAM 0.0354 0.0080  0.0150 0.0241

vs. KnowSAM | 0.0075 00213  0.0374 0.0192

LRSS, A ZEERITEEM! vs. CPC-SAM | 0.0045 0.0017  0.0136 0.0011
vs. LA-VLM 0.0219 00643 0.0421 0.0516

vs. MedCLIP 0.0541 0.0073  0.0371 0.0118

vs. DuSSS 0.0321 00164  0.0792 0.0284
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O ARIRE 7 —MEIFrRM B S&RETUZ5E: AMVLM, ZRESET EESEIE S
RSN LLFEIEHER T BESSTARER R, 1558 7 ERSRRIISENN AR FS.

O FUCEM b, ¥R T A I SHHREEFEGSE] (SSMIS) EZR, ERNMFFEESGEIR
£ (QaTa-COV19. BM-Seg. MoNuSeg. MRSpineSeq) ERISCIGRER, X AR INED
SES PR TINE X REFI AN IE SRR &G A
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TM I Eﬂ*“ ﬁ*ﬁ Research Topic Distribution

Specific Organs/Structures

Deep Learning/Al

Clinical Applications

Medical Image Segmentation

Medical Imaging Modalities

Image Reconstruction
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Thank you
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